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Abstract

Large-scale IT solution deployments at the intersection of technology and business demand robust project management
strategies that balance technical innovation with organizational objectives and regulatory compliance. This comparative
review examines project management methodologies employed across three critical enterprise domains: Data Loss Prevention
(DLP), Anti-Money Laundering (AML) systems, and healthcare IT integrations. It highlights the shared challenges of
governance, interoperability, stakeholder alignment, and risk mitigation in environments where data security, regulatory
scrutiny, and system reliability are paramount. By analyzing frameworks such as Agile, PRINCE2, and hybrid Waterfall-
Agile models, the study reveals how domain-specific constraints ranging from compliance mandates in financial systems to
data privacy in healthcare shape project delivery outcomes. The paper underscores the necessity of adaptive governance
structures, cross-functional collaboration, and continuous feedback loops to ensure successful implementation and
sustainability of large-scale IT solutions. Insights from this review offer actionable lessons for aligning business strategy with
technology execution, ultimately enhancing performance, compliance, and innovation across industries.
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I INTRODUCTION

» Background and Rationale for Studying IT Project
Management Across Business-Critical Domains

In today’s environment, organizations are
increasingly dependent on large-scale IT initiatives to
deliver competitive advantage, regulatory compliance, and
operational efficiency across mission-critical domains.
Project management in such contexts must do more than
deliver technical artifacts: it must orchestrate evolving
relationships between business objectives, compliance
regimes, data integrity, and stakeholder alignment
(Frimpong, et al, 2023). The rationale for studying IT
project management across business-critical domains lies
in the convergence of several pressures. First, business
sponsors now demand that IT programs deliver
measurable strategic returns not merely uptime or feature
delivery so projects must tie tightly to business cases that
remain valid throughout the lifecycle. In DLP, AML, or
healthcare IT programs, failure to preserve business-case

validity can lead to scope creep or cost overruns when
regulatory changes or evolving risk profiles shift project
expectations midstream (Einhorn, Marnewick, &
Meredith, 2019).

Second, as agile and hybrid methods proliferate,
domain-specific  constraints (such as regulatory
auditability, data lineage assurance, or clinical safety)
require calibration of these methods into governance-safe
hybrids (Koi-Akrofi, Koi-Akrofi, & Matey, 2019). For
instance, an AML software rollout cannot afford rapid
feature toggling absent explainability, and a healthcare
EHR integration must preserve data integrity across
heterogeneous systems under strict privacy regimes. These
constraints make a one-size-fits-all project management
approach untenable.

Third, by comparing across DLP, AML, and
healthcare IT, the research exposes transferable and
domain-specific practices in governance, risk mitigation,
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stakeholder orchestration, and change management. This
comparative approach not only surfaces best practices that
survive domain boundaries but also illuminates where
domain friction forces divergence. In short, this focus
helps refine a theory of IT project management that is both
technically rigorous and business-aware in domains where
failure carries both financial and compliance risk (ljiga, et
al, 2024).

» Definition and Scope of Enterprise DLP, AML, and
Healthcare IT Systems

In the context of this comparative review, “enterprise
DLP,” “AML systems,” and “healthcare IT integrations”
denote distinct yet overlapping classes of mission-critical
systems whose functionalities, constraints, and
stakeholder environments define the boundary conditions
for project management. Enterprise DLP (Data Loss
Prevention) systems are designed to identify, monitor, and
control sensitive data across data in use, data in motion,
and data at rest to prevent unauthorized exfiltration or
leakage (Herrera Montano et al., 2022). Unlike traditional
firewalls or intrusion detection systems, DLP solutions
operate on content or contextual inspection of payloads
and enforce policy-level blocking or quarantining of data
transmissions. At the enterprise level, DLP systems
require central policy orchestration, endpoint/agent
deployment, encryption integration, and fine-grained
exception handling to reconcile security with business
productivity.

AML systems (Anti-Money Laundering) refer to
integrated suites used by financial or regulated institutions
to perform transaction monitoring, customer due diligence
(CDD/KYC), sanctions screening, and suspicious activity
reporting. These systems ingest structured and semi-
structured financial data, apply rule-based, statistical, and
increasingly machine-learning detection models, and must
produce auditable, regulator-facing output. The project
scope typically includes data ingestion pipelines, model
governance, explainable alerts, suspicion-case workflows,
and regulatory reporting. AML systems must be flexible to
change in response to evolving regulatory regimes,
typologies of money laundering, and cross-border
regulations (Imoh, & ldoko, 2023).

Healthcare IT integrations cover electronic health
record (EHR) systems, health information exchanges
(HIE), interoperability layers, clinical decision support
modules, and modules handling patient data workflows
across care settings. These systems must integrate
heterogeneous clinical, administrative, and diagnostics
systems under safety, privacy, and compliance regimes.
Interoperability across institutional boundaries using
standards like FHIR, HL7, or terminology mapping is
intrinsic (Atalor, et al, 2023). As Barker and Jones (2024)
note, health IT evolution emphasizes seamless exchange,
semantic interoperability, and modular clinical workflows,
rather than monolithic “all-in-one” systems.

By situating each domain within its functional
boundaries and constraints, this review proceeds to
compare how project management approaches must adapt

to the distinctive architectures, regulatory regimes, and
stakeholder ecosystems of DLP, AML, and healthcare IT
deployments.

» Research Objectives and Key Comparative Questions

The primary objective of this study is to conduct a
comprehensive  comparative  analysis of  project
management strategies employed in large-scale IT
solution deployments across three critical enterprise
domains: Data Loss Prevention (DLP), Anti-Money
Laundering (AML) systems, and healthcare IT
integrations. The research seeks to identify how domain-
specific challenges, regulatory frameworks, and
stakeholder ecosystems influence project governance,
methodology selection, and long-term sustainability of IT
initiatives. By examining these domains, the study aims to
uncover patterns of convergence and divergence in project
execution, particularly where technological innovation
intersects with business imperatives and compliance
requirements.

e The Specific Objectives of the Study are as Follows:

v To analyze the governance models and project
management frameworks that underpin successful
DLP, AML, and healthcare IT deployments.

v To evaluate how risk management, compliance
alignment, and stakeholder engagement shape project
outcomes across these domains.

v' To investigate how hybrid methodologies (Agile—
Waterfall blends) are adapted to domain-specific
operational constraints and regulatory environments.

v' To assess the mechanisms for ensuring interoperability,
data integrity, and wuser adoption in projects
characterized by complex multi-system integrations.

v To derive best practices that can inform future large-
scale IT initiatives operating within high-stakes
regulatory and security-driven environments.

e Key Comparative Questions Guiding the Study
Include:

v' How do governance and compliance demands differ
across DLP, AML, and healthcare IT projects?

v" What lessons can be drawn from their respective risk
mitigation and change management strategies?

v" How can insights from these domains inform a unified
model for aligning technology-driven projects with
business and regulatory objectives?

» Importance of Aligning Technology Strategy with
Business and Regulatory Goals

In large-scale IT solutions especially in domains
governed by intense regulation such as DLP, AML, and
healthcare, the importance of aligning technology strategy
with business and regulatory goals cannot be overstated.
When technological design or execution diverges from
business strategy or compliance mandates, projects often
run into scope creep, delay, or outright failure (Abiodun,
et al, 2023). Strategic alignment ensures that investments
in architecture, data pipelines, interfaces, and features
deliver value not merely in terms of delivered code, but in
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measurable business impact. In practice, alignment
demands that every major architectural decision from
modularization, data schema, and API policy to incident
escalation paths be justified not only on technical grounds
but also in terms of business risk, return on investment,
and regulatory readiness. In regulated domains,
ambiguous or ad hoc alignment leads to downstream costs:
rework for auditability, retrofitting governance layers, or
even halting deployment because of compliance violations
(Pérez, Martinez, & Fonseca, 2021). Good governance-
oriented alignment in strategic IT portfolios thus plays a
central role in sustaining project momentum under shifting
constraints.

Regulatory environments themselves evolve—new
privacy laws, encryption standards, audit rules, or
sanctions lists may surface  mid-project—and
misalignment across technology and compliance units
becomes a mode of fragility unless alignment is baked in.
For example, in healthcare systems, regulatory changes in
data privacy or interoperability obligations force IT
implementations to adapt their data exchange protocols or
access control logics; if strategy doesn’t preempt or absorb
such changes, technical debt or noncompliance risks can
accumulate rapidly (Freij & Lazarus, 2022). In domains
like AML, where rule sets evolve with global financial
intelligence regimes, a misaligned technology roadmap
can result in models or pipelines that cannot incorporate
new regulatory constraints without major reengineering.
Thus, for DLP, AML, and healthcare IT, strategic
alignment among technology, business objectives, and
regulation is a foundation for resilience, agility, and
stakeholder trust (Imoh, 2023).

1. THEORETICAL FRAMEWORK AND
METHODOLOGICAL APPROACH

» Overview of Project Management Methodologies
(Agile, PRINCE2, PMBOK, Hybrid Models)

In exploring Project Management Methodologies
notably Agile, PRINCE2, PMBOK, and hybrid models the
discourse must balance conceptual clarity with practical
relevance for high-stakes deployments like DLP, AML,
and healthcare IT systems. The PMBOK (Project

Management Body of Knowledge) functions as a
standards-based compendium of best practices organized
into process groups and knowledge domains, emphasizing
structured guidance for scope, schedule, cost, risk, quality,
and integration management (James, 2022). PRINCEZ2, by
contrast, is methodology-oriented, prescribing roles, stage
gates, and “management by exception” to maintain
business justification as the project progresses. Simonaitis,
Dauksys, and Mockiené (2023) observe that while
PMBOK serves as a holistic taxonomy of controls and
practices, PRINCE2 adds prescriptive governance flows
and decision points that may benefit regulatory scrutiny or
stage-based  accountability.  Agile  methodologies
exemplified by Scrum, Kanban, and related lightweight
frameworks emphasize iterative delivery, customer
collaboration, and  responsiveness to changing
requirements as shown in Figure 1. They align well with
environments where requirements evolve or uncertainty
dominates; however, they often lack the formal
accountability structures necessary in regulated enterprise
domains.

Hybrid models attempt to combine the rigor and
predictability of traditional approaches
(PMBOK/PRINCEZ2) with the flexibility and adaptiveness
of Agile. Reiff and Schlegel (2022) highlight that hybrid
approaches are increasingly adopted in large organizations
precisely because they enable tailoring of control and
agility to project segments. In practice, a hybrid rollout
might apply stage-gate reviews and architectural
baselining upfront (as in PRINCEZ2), then delegate sprint
cycles for subsystem deliverables (as in Agile),
periodically reconciling back to a governance control
frame. Especially in DLP, AML, and healthcare projects,
hybrid models permit embedding audit checkpoints,
regulatory sign-offs, and architectural rigidity where
necessary while retaining iterative adaptability for
modules or integrations. Because pure Agile or rigid
traditional methods struggle to address the twin pressures
of regulatory traceability and evolving technical
requirements, a hybrid methodology often offers the most
defensible and practical balance for enterprise-scale,
compliance-sensitive systems.

Themes Principles

Project Management Methodologies

PRINCE2

—

Processes Standards

Waterfall
PMI PMBOK

Fig 1 An Image of Spectrum of Project Management Methodologies: From Foundational Principles to Structured Standards

(Digital Project Manager, 2017).
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Figure 1 visualizes the continuum of project
management methodologies by categorizing them along
increasing “method specificity” from broad themes and
guiding principles to detailed procedural standards. On the
left, Lean represents a foundational theme focused on
eliminating waste and maximizing value, while Agile
functions as a principle emphasizing adaptability,
iteration, and collaboration. Moving rightward, the
diagram shows PRINCE2 bridging principles and
processes, embodying both structured governance
(“management by exception”) and methodical stage
control. Further along, process-oriented methodologies
like Waterfall, Scrum, Kanban, Scrumban, and XP
(Extreme Programming) demonstrate varying degrees of
procedural rigor and adaptability Waterfall being highly
sequential, while Agile-derived frameworks are iterative
and incremental. Finally, the PMI PMBOK standard
anchors the rightmost end as a comprehensive standard
defining best practices across project scope, risk, cost, and
quality management. This progression mirrors the
explanation in where PMBOK provides structured
standardization, PRINCE2 ensures governance and
accountability, and Agile promotes flexibility. In practice,
hybrid models integrate these layers combining
PRINCEZ2’s governance, PMBOK s structure, and Agile’s
adaptability to achieve both regulatory compliance and
iterative innovation in complex IT deployments like DLP,
AML, and healthcare systems.

» Comparative Analysis Framework for Cross-Domain
Evaluation

The Comparative Analysis Framework for Cross-
Domain Evaluation anchors this study’s capacity to
systematically compare project management practices
across DLP, AML, and healthcare IT deployments. At its
core, the framework treats each deployment domain as a
“case” and applies a consistent set of evaluation
dimensions governance structure, risk & compliance
alignment,  stakeholder  orchestration,  technical
architecture adaptability, and operational sustainment
(ljiga, et al, 2024). Drawing on the typology from Varajao,
Lourenco, and Gomes, (2022), the framework integrates
both qualitative and quantitative indicators to assess
success across informational  systems  projects.
Specifically, it adopts Varajdo et al.’s multi-layered
measurement approach (process, product, and context) and
adapts it to the high-stakes, compliance-sensitive context
of DLP, AML, and health IT projects. This ensures that
despite  domain  heterogeneity,  apples-to-apples
comparisons remain meaningful.

In parallel, the framework recognizes the inherently
subjective nature of project success perceptions across
stakeholder groups. McLeod, Doolin, and MacDonell
(2021) emphasize that each stakeholder (e.g., IT, business,
compliance, clinical) may interpret “success” differently
depending on their value lens. Accordingly, the framework
incorporates stakeholder-level success dimensions (e.g.,

business value, regulatory compliance, user satisfaction,
system reliability) and cross-validates them through
triangulated data sources (project metrics, interviews,
audit reports). By weaving in both objective outcome
metrics and stakeholder-perceptual dimensions, the
comparative framework allows us to surface where rigid
governance or flexibility trade-offs succeeded or failed,
domain by domain, and to draw robust lessons about
aligning technology execution with business regulation in
critical IT systems (Amebleh, & Igba, 2024).

» Data Sources: Case Studies, Regulatory Frameworks,
and Industry Reports

The Data Sources: Case Studies, Regulatory
Frameworks, and Industry Reports section undergirds this
comparative review by triangulating multiple evidence
streams. First, longitudinal and cross-domain case studies
offer rich contextual data about how project governance,
stakeholder conflict, regulatory disruption, and technical
integrations played out in practice. For example, project
retrospectives in DLP deployments may reveal how policy
exceptions or user override paths evolved over time under
real user behavior pressure, while healthcare IT projects
often document change request histories and clinical
adoption patterns (Atalor, et al, 2023). These case studies
enable deep, grounded understanding of failure and
success processes beyond what surveys or broad metrics
capture.

Regulatory frameworks act as a second pillar of data.
AML regimes, privacy statutes (e.g. HIPAA, GDPR), and
data protection laws define boundary conditions for
architecture, auditability, and decision traceability. The
probabilistic AML risk modeling work by Ogbeide et al.
(2023) illustrates how regulatory requirements, such as
threshold  definitions,  alerting  sensitivity, and
explainability must be formalized in system logic and thus
directly influence project design trade-offs. In this review,
we map each domain’s regulatory constraints and
normative requirements (e.g. CDD, sanctions, audit trail)
and link them to project design decisions.

Industry reports provide a third lens: periodic vendor,
analyst, and regulatory oversight reports such as market
surveys of DLP platform adoption or healthcare
interoperability benchmarks supply aggregated trends,
benchmarking data, and emergent patterns (Loureiro,
Gomes, Varajdo, & Silva, 2024). These reports help
validate whether practices identified in cases are consistent
with the broader landscape and whether particular
governance or methodology choices correlate with
reported adoption success, compliance breach rates, or
time-to-value metrics. Together, these three sources create
a robust evidentiary basis for comparing DLP, AML, and
healthcare IT projects along governance, risk, and
sustainability dimensions as represented in Table
1(Ononiwu, et al, 2023).
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Table 1 Summary of Data Sources: Case Studies, Regulatory Frameworks, and Industry Reports

Data Source

Description

Examples / Applications

Contribution to Comparative
Analysis

Case Studies

Provide longitudinal, cross-
domain, and context-rich
insights into project
governance, stakeholder
conflict, regulatory
disruption, and technical
integration.

DLP retrospectives reveal how
policy exceptions and user

overrides evolve; Healthcare IT
studies document change request

histories and clinical adoption
trends (Atalor et al., 2023).

Enable grounded understanding of
real-world success and failure
dynamics beyond metrics,
illuminating domain-specific
adaptation and governance
evolution.

Triangulation

studies, regulations, and

DLP, AML, and healthcare IT

Regulatory Define the compliance, AML regimes (e.g., FATF), Establish boundary conditions for
Frameworks | auditability, and architectural privacy statutes (HIPAA, project governance and risk
constraints shaping project GDPR), and CDD/sanctions management; link regulatory
design and decision logic. mandates influence rule mandates directly to system
thresholds and explainability architecture and traceability
(Ogbeide et al., 2023). requirements.
Industry Aggregate insights from DLP adoption surveys, AML Validate cross-domain
Reports vendor, analyst, and performance benchmarks, consistency, identify correlation
oversight bodies to capture healthcare interoperability between governance models and
trends, adoption rates, and reports (Loureiro et al., 2024). performance outcomes, and
emerging benchmarks. highlight broader industry trends.
Integrated Combines findings from case Comparative synthesis across Strengthens validity and reliability

of conclusions on governance,

industry benchmarks to
ensure a multi-perspective
evidence base.

(Ononiwu et al., 2023).

compliance, and sustainability
across high-stakes IT
deployments.

» Evaluation Criteria: Governance, Scope Management,
Stakeholder Engagement, and Compliance

Evaluation Criteria: Governance, Scope
Management, Stakeholder Engagement, and Compliance
as the core axes through which DLP, AML, and healthcare
IT deployments will be assessed. Governance refers to the
structures, decision rights, oversight processes, and
accountability mechanisms established to steer and control
the project’s trajectory. Effective governance ensures
alignment between strategic objectives and execution,
mediates conflicts, and institutionalizes checks and
balances (Akinleye, et al, 2022). Scope management
encompasses how project boundaries are defined,
controlled, and evolved especially critical in complex
systems where regulatory changes, risk discoveries, or
integration misalignments can trigger scope expansion.
Stakeholder engagement involves the systematic
identification,  communication,  negotiation,  and
participation of all parties affected by or influencing the
project, including business sponsors, IT teams, compliance
officers, auditors, clinicians (in healthcare), or data
protection officers. Compliance captures the project’s
ability to meet relevant legal, regulatory, audit, and
industry standards constraints, including traceability
requirements, reporting obligations, privacy safeguards,
and domain-specific mandates (Oyekan, et al, 2023).

Applying these criteria in concert allows cross-
domain insights: for example, governance practices that
succeed in AML (where audit trails and regulatory exits
dominate) can shed light on how DLP or health IT projects
should structure oversight committees or exception
escalations. Scope management practices differ when
clinical safety constraints restrict feature toggle flexibility,
or when sanctions list change mid-course. Stakeholder

engagement is highly sensitive: in healthcare, clinician
buy-in shapes adoption; in DLP, business units push back
on false positives; in AML, compliance teams challenge
threshold tuning (Rezende Oliveira, Fernandes, and Silva
(2023) assert that governance and stakeholder engagement
are tightly coupled effective governance often hinges on
trust networks and participative decision-making, rather
than strict command-and-control (Oliveira, et al., 2023).
Compliance must be baked into every governance, scope,
and stakeholder approach, not tacked on as a post hoc audit
layer. These criteria thus serve as lenses to dissect how
each domain negotiates tension between agility and
control, technical evolution and regulatory stability, and
stakeholder heterogeneity under high-stakes constraints
(Ononiwu, et al, 2023).

. PROJECT MANAGEMENT IN
ENTERPRISE DATA LOSS PREVENTION
(DLP) SYSTEMS

» Overview of DLP Architecture and Deployment
Lifecycle

This subsection, Overview of DLP Architecture and
Deployment Lifecycle, positions enterprise DLP (Data
Loss Prevention) systems as multi-layered infrastructure
solutions that evolve through well-defined implementation
stages. At a high level, DLP architectures typically
comprise three domains: endpoint agents, network traffic
monitoring/gateway inspection, and data repository
content analysis (Herrera Montano et al., 2022). The
endpoint agents intercept file operations, USB and
removable media usage, and clipboard exchanges; the
network layer inspects traffic flows and email channels for
sensitive content; and the content analysis layer applies
classification and pattern matching engines to data at rest
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(e.g. file shares, databases). Often, a central DLP
management console enforces policy orchestration,
exception workflows, alerting dashboards, and audit trail
persistence across these tiers. To accommodate diversity
in enterprise settings, architectures are often modular:
organizations may adopt a “monitor-only” phase initially,
followed by incremental enforcement (block, quarantine,
encryption) as confidence rises as ahown in Figure 2 (ljiga,
etal, 2024).

The deployment lifecycle of a DLP initiative
involves staged phases such as scoping and discovery,
pilot, full rollout, tuning and refinement, and operations.
During scoping and discovery, teams’ inventory sensitive
data domains, map data flows, and classify assets (e.g.
intellectual property, personal data). Pilot deployment
tests the architecture in constrained segments (such as a

departmental enclave), validating scanning rules and false-
positive thresholds. Full rollout propagates agents and
policies enterprise-wide but requires careful staggered
scheduling and rollback planning (Amebleh, & Okoh,
2023). Tuning and refinement is typically protracted: false
positives, user override requests, exception handling rules,
and contextual adaptation must be calibrated over multiple
cycles. Finally, operations involve continuous monitoring,
periodic policy updates, incident investigation, and
lifecycle refresh as data patterns evolve. In large
environments like public social security institutions,
encountering cross-site latency, performance bottlenecks,
and integration anomalies are common (Arslan, 2021).
Because DLP must balance data protection with user
productivity, the architecture and lifecycle must be
carefully managed to avoid undue disruption while
ensuring compliance and security over time.

DLP Architecture

= =~

Overveiwe of DLP Architecture
and Deployment Lifecycle

Deployment Lifecycle

~ ~

Scoping and

Endpoint Agents

Network Traffic

Discovery

Pilot

Monitoring

Content Analysis

Full Rollout

Tuning and

Refinement

- J

Fig 2 A Picture Showing Integrated Architecture and Lifecycle Framework for Enterprise Data Loss Prevention (DLP)
Systems.

Figure 2 illustrates the structural and procedural
duality of Data Loss Prevention (DLP) implementation by
separating the architecture from the deployment lifecycle.
On the left, the architecture encompasses three primary
layers Endpoint Agents, Network Traffic Monitoring, and
Content Analysis that collectively ensure data protection
across devices, communication channels, and repositories.
These components feed into a central management
framework that governs policy enforcement, monitoring,
and reporting. On the right, the Deployment Lifecycle
outlines the sequential phases of project execution:
Scoping and Discovery, Pilot, Full Rollout, and Tuning
and Refinement. Each stage represents an incremental step
toward achieving full operational maturity, from
identifying sensitive data and testing configurations to
organization-wide enforcement and ongoing optimization.
Together, the diagram underscores how architectural
design and lifecycle management must operate in tandem

to deliver an effective, compliant, and scalable DLP
implementation.

» Key Project Management Challenges (Policy
Configuration, Endpoint Integration, Data
Governance)

Managing large-scale Data Loss Prevention (DLP)
implementations introduces multifaceted challenges,
particularly when aligning policy configuration, endpoint
integration, and data governance into a cohesive
operational model. Policy configuration is complex
because organizations must codify highly contextual
business and regulatory requirements into executable rule
sets that can differentiate legitimate activity from data-leak
threats. Establishing policies that balance sensitivity with
usability demands iterative refinement and continuous
stakeholder consultation. Each rule must align with
corporate governance frameworks while minimizing false
positives that could obstruct business operations. As
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Xavier, (2019) emphasize, misconfigured or redundant
policies can degrade system performance and erode user
trust, requiring simulation environments and controlled
rollouts to validate accuracy before enterprise deployment.
Ensuring dynamic policy orchestration that adapts to data
movement across endpoints, cloud storage, and hybrid
environments is essential to sustaining reliability and
compliance.

Endpoint integration compounds these challenges, as
DLP agents must function across a variety of devices,
operating systems, and network topologies. Integrating
these agents with legacy systems and security software
often causes compatibility or performance conflicts,
necessitating robust configuration management and
version control. When endpoints operate offline or within

distributed networks, synchronization of policies and
incident logs demands resilient queueing and encryption
protocols (Ononiwu, et al, 2023). Effective data
governance further underpins all DLP operations by
defining taxonomies, classification rules, and custodial
accountability for sensitive data as presented in Table 2.
Summary of Data Sources Used in the Comparative
Analysis Framework. As Dias, Santos, and Portela, (2020)
note, inadequate governance frameworks lead to
fragmented policy enforcement and inconsistent
classification across data repositories. Harmonizing
governance, endpoint reliability, and configurable policies
therefore becomes a critical project management priority
to maintain accuracy, scalability, and compliance
throughout the DLP lifecycle.

Table 2 Summary of Data Sources Used in the Comparative Analysis Framework

Data Source

Description

Examples / Applications

Contribution to Comparative Analysis

Case Studies

Provide detailed,
longitudinal insights into
real-world project
governance, stakeholder
dynamics, and technical
integration.

DLP retrospectives showing
policy evolution; Healthcare
IT studies documenting
clinical adoption patterns
(Atalor et al., 2023).

Reveal contextual nuances of project
success and failure beyond quantitative
metrics, supporting grounded
understanding across domains.

Triangulation

and industry data to build a
comprehensive, multi-
perspective evidence base.

across DLP, AML, and
healthcare IT domains
(Ononiwu et al., 2023).

Regulatory Define legal, compliance, AML regulations (FATF), Establish structural and operational
Frameworks | and auditability parameters | data privacy laws (HIPAA, boundaries guiding system design, risk

that shape project GDPR), and compliance governance, and audit traceability in

architecture and governance standards like CDD and compliance-heavy sectors.
models. sanctions reporting
(Ogbeide et al., 2023).

Industry Aggregate large-scale DLP adoption trends, AML Validate findings from case studies and
Reports performance, adoption, and efficiency benchmarks, regulations, aligning observed practices

benchmarking data across healthcare interoperability with macro-level performance and

industries and vendors. assessments (Loureiro et al., adoption trends.
2024).
Integrated Synthesizes case, regulatory, Comparative synthesis Strengthens the robustness and

generalizability of insights, ensuring
cross-domain validity in governance,
compliance, and sustainability analyses.

» Risk Management, Change Control, and Incident
Response Planning

Risk management, change control, and incident
response planning form the defensive core of DLP project
execution and demand rigorous integration into the
governance and execution layers. Risk management
initiates with systematic identification of threats to project
viability such as misconfigured policies, agent deployment
failures, user workarounds, or regulatory non-compliance.
Risks are then assessed on likelihood and impact
dimensions, and categorized (e.g., technical, operational,
compliance) to guide prioritization. Drawing on
Maruping, Venkatesh, Thong, and Zhang’s (2019)
framework, coordination, planning, and monitoring should
be layered: planning should define mitigation strategies
(fallbacks, redundancies, testing), coordination ensures
cross-team alignment on dependencies, and continuous
monitoring triggers dynamic responses. Within a DLP
rollout, this might translate to maintaining fallback modes
(monitor-only) while policies mature, or defining rollback
paths for agent updates that cause endpoint instability.

Change control and incident response planning
tightly couple with risk mitigation in DLP settings. Change
control ensures that any modification policy update, agent
upgrade, exception rule passes through structured approval
gates, impact analysis, regression testing, and stakeholder
review, preventing unvetted changes from introducing
regressions or blocking critical workflows. Incident
response planning outlines escalation paths, investigation
playbooks, forensic logging, and remediation workflows
for policy-violation events or detection failures (Ononiwu,
et al, 2023). Because DLP systems may block or
quarantine legitimate business traffic, rapid incident triage
and override mechanisms must be defined in advance to
avoid business disruption. The confluence of these
practices risk identification, structured change gates, and
incident readiness ensures that DLP deployments maintain
resilience, auditability, and operational continuity across
rollout and steady-state phases (Amebleh, & Okoh, 2023).
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» Lessons Learned: Balancing Data Protection with
Operational Efficiency

Operationalizing lessons from DLP deployment
underscores the delicate equilibrium required between
data protection and operational efficiency. Overly
aggressive blocking or quarantining policies can cripple
legitimate workflows, generate excessive false positives,
elevate help-desk load, and erode user trust. Conversely,
overly permissive policies undermine the protection intent
and may expose sensitive information to exfiltration or
audit failure. In practice, successful DLP projects evolve
along a maturity continuum: starting in “monitor-only”
mode, shifting to alerting, then to partial enforcement, and
finally toward full enforcement with exceptions and
encryption (Amebleh, & Omachi, 2022). Domnik and
Holland, (2024) propose a maturity adaptation model
based on C2M2 that helps organizations systematically
calibrate control intensity against operational impact.
During rollout, projects should adopt gradual escalation,
use exception-driven override channels (with oversight),
and focus first on high-value, high-risk data flows, rather
than sweeping enforcement. Calibration cycles, feedback
loops, and stakeholder review gates ensure policies respect
real-world usage patterns without “breaking the business.”

Efficiency gains emerge when DLP projects embed
adaptive policy tuning, dynamic whitelisting, and user
behavior analytics. For instance, logging user override
rationale and using it to inform policy refinements reduces
noise over iterations. Co-designing exception mechanisms
with business units (so that some usage is auto-flagged but
not blocked) preserves productivity while maintaining
policy control (Ononiwu, et al, 2023). Integrating DLP
with classification engines or metadata services helps align
policy targeting to business context, reducing false alerts.
As maturity increases, policy engines can support dynamic
sensitivity adjustments (e.g. stricter in sensitive zones,
relaxed in low-risk zones). These mechanisms allow the
protective reach of DLP controls to expand without a
proportional drag on operations, thereby striking a
workable trade-off between security and agility (Idika, et
al, 2021).

V. PROJECT MANAGEMENT IN ANTI-
MONEY LAUNDERING (AML) SYSTEMS

» Overview of AML Technologies (Transaction
Monitoring, Sanctions Screening, KYC/CDD)

Enterprise AML systems integrate three primary
technological modules transaction monitoring, sanctions
screening, and KYC/CDD (customer due diligence / know
your customer) which together form the operational
backbone of compliance and surveillance. The transaction
monitoring module ingests streaming and batch
transaction data (e.g. payments, transfers, deposits,
withdrawals) and applies scenario-based rule engines or
anomaly detection algorithms to flag suspicious activity.
False positive rates in many traditional systems remain
high often exceeding 90 percent creating operational
burdens and masking true alerts (Oztas, 2024). Transaction
monitoring must therefore incorporate  adaptive
thresholding, segmentation of customer risk tiers, and

machine learning techniques to refine signal-to-noise
ratios while maintaining regulatory coverage.

Sanctions screening operates as a real-time or near-
real-time filter layer, checking entities, counterparties, and
transaction counterpart names against sanctions lists,
watchlists, and PEP databases. It demands fast,
deterministic matching (including fuzzy matching) and
must support incremental updates to sanction lists.
Systems must balance sensitivity (catching true matches)
with precision (minimizing false positives), applying
tiered logic (e.g. name matching, risk scoring) and
escalation workflows for review (ljiga, et al, 2024).
KYC/CDD modules underpin both transaction monitoring
and sanctions screening by maintaining verified identity,
entity structure, beneficial ownership, risk profiles, and
historical customer behavior. They ensure that the system
has accurate customer metadata and classification tiers to
contextualize transaction analysis higher risk customers
might trigger stricter thresholds or closer scrutiny. As
customers evolve, KYC/CDD modules must support
periodic refresh, enhancement, and rollback logic for risk
reclassification. In enterprise AML deployments, these
three modules are tightly coupled: KYC/CDD defines
customer segments, which feed into transaction
monitoring models, and sanctions screening refines the
filtered set of alerts (Amebleh, et al, 2021). The
architecture often uses streaming pipelines, rule engines,
queueing tiers, and back-office case management layers to
close the loop from detection to investigation.

» Regulatory  and
Constraints

Regulatory and compliance-driven constraints
impose severe boundaries on AML system project design,
execution, and ongoing adaptation. AML regimes (e.g.
FATF recommendations, national banking acts, cross-
border reporting statutes) stipulate rigorous requirements
around transaction traceability, auditability, alert
thresholds, and confidentiality (Idika, et al, 2023). These
rules force project architects to bake in audit trails,
explainable logic, immutable logs, and configurable
rulesets that can survive regulator interrogation. Because
AML regulation evolves new typologies, sanctions lists,
reporting obligations projects must build extensibility and
regulatory flexibility into core designs, rather than treat
compliance as an afterthought. For instance, models or
rules built today must support future variation in
thresholds or typology definitions without rearchitecting
the entire detection pipeline. This constraint significantly
raises architectural cost overhead and governance friction
(Atalor, et al, 2019).

Compliance-Driven  Project

Resource constraints, latency tolerance, false
positive burdens, and interjurisdictional harmonization
further compound regulatory constraints. High false-
positive rates generate costly manual reviews and
undermine trust in the system; yet overly conservative
tuning risks regulatory non-compliance. Projects must
thread a needle between sensitivity and precision under
mandated coverage levels. Additionally, legacy core
banking systems, heterogeneous data sources, and slow
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batch pipelines constrain how real-time compliance logic
can be inserted without disrupting transactional
performance (Fagbohungbe, et al, 2020). Enforcing real-
time sanctions screening or alerts on high-value flows may
conflict with throughput SLAs, forcing compromise
designs (e.g. near-real-time queues or holding buffers).
Zavoli and King (2021) note that in real-world
implementations, compliance mandates frequently result
in compliance backlogs, manual intervention, or “de-
risking” of customers (i.e., refusal of service) when system
constraints or compliance complexity exceed operational
capacity. Moreover, probabilistic risk assessment models,
as described by Ogbeide, et al, (2023), emphasize that
many institutions default to rule-based, box-ticking
compliance frameworks rather than judgment-based risk
modeling because of regulator expectations for
deterministic audit trails. Such rigidity limits algorithmic
innovation or adaptive learning in AML systems. These
compliance and regulatory imperatives thus represent
active constraints intertwined with  architectural,
operational, and governance trade-offs in AML project
management.

» Stakeholder Management: Collaboration Among
Compliance, Risk, and IT Teams

Effective stakeholder management in AML system
deployments is essential to coordinate the complex
interplay among compliance, risk, and IT teams, each
bringing distinct priorities, languages, and control
expectations. Compliance teams typically drive demands
for auditability, deterministic rule logic, and adherence to
regime changes. Risk management units emphasize
models, scoring thresholds, and dynamic reprioritization
of alerts. The IT organization is responsible for
architectural scalability, latency constraints, pipeline
integration, and change control governance (ljiga, et al,

2021). Aligning these disparate constituents requires
structured forums steering committees, liaison roles, and
escalation paths that embody balancing trade-offs while
preserving accountability. For example, in a sanction list
update, compliance may insist on immediate blocking
semantics; risk may prefer staged tuning; and IT must
evaluate infrastructure load and rollback paths. Scheepers,
McLoughlin, and Wijesinghe (2022) demonstrate that
frequent feedback cycles among stakeholder groups help
recalibrate performance expectations and mitigate
misalignment of perceived project progress, especially
when each group’s success metrics diverge.

Navigating stakeholder dynamics is further
complicated by power asymmetries and technical fluency
gaps. Risk or compliance stakeholders unfamiliar with
algorithmic tuning may demand overconservative settings,
generating false positives that overwhelm operations.
Conversely, IT engineers may underappreciate regulatory
subtleties in alert provenance or audit traceability
(Manuel, et al, 2024). Sanyaolu et al. (2023) argue that
mapping stakeholder influence and interest, then aligning
communication formats (dashboards vs. compliance briefs
vs. technical logs), is crucial to maintain trust and avoid
friction. Running joint workshops, simulation reviews,
and rule-validation sessions help surface implicit
assumptions and foster a shared mental model. A central
“translation” role often a compliance-aware technical lead
can serve as liaison translating business policy to technical
design, flagging trade-offs, negotiating priorities, and
maintaining clarity across domains as presented in Table
3. By institutionalizing such cross-domain collaboration,
AML projects manage the competing demands of
compliance, risk sensitivity, and technical feasibility with
greater coherence and reduced rework (Ajayi, et al, 2019).

Table 3 Summary of Stakeholder Management in AML System Deployments

Stakeholder Group Primary Responsibilities

Challenges / Conflicts

Collaborative Mechanisms
and Solutions

Ensure adherence to AML
regulations, maintain audit
trails, enforce deterministic
rule logic, and oversee regime
change implementation.

Compliance Teams

Tendency to demand
immediate blocking semantics
during updates; limited
flexibility in accommodating
technical or operational
constraints (ljiga et al., 2021).

Use steering committees,
compliance-aware liaison
roles, and regular reviews to
balance regulatory rigor with
operational feasibility.

Risk Management Develop and calibrate scoring

Misalignment with

Conduct cross-functional

latency, data pipelines,
architecture stability, and
change control governance.

needs or regulatory
traceability; resistance to
abrupt compliance-driven rule
updates (Manuel et al., 2024).

Teams models, define thresholds, and compliance teams on risk simulation reviews and
prioritize alerts based on tolerance; overconservative model-validation workshops
evolving typologies and settings may generate to harmonize risk sensitivity

exposure levels. excessive false positives with compliance requirements.
(Scheepers et al., 2022).
IT Teams Manage system scalability, Underestimation of audit trail Establish structured change

control processes, rollback
strategies, and shared
dashboards to integrate
compliance feedback without
disrupting system
performance.

Facilitates communication
and negotiation between
technical, risk, and

Cross-Domain
Coordination

Power asymmetries and
communication gaps leading
to misunderstanding or

Appoint a compliance-aware
technical liaison, align
communication formats

30




compliance domains to
maintain alignment and
accountability.

misaligned priorities
(Sanyaolu et al., 2023; Ajayi

(dashboards, briefs, logs), and
institutionalize joint
workshops and feedback
cycles.

etal., 2019).

» Performance Measurement and Post-Implementation
Audit Frameworks

Performance measurement in AML system
deployments must move beyond superficial metrics to
deeply integrated, regulator-aligned dashboards and post-
implementation audit frameworks. Key performance
indicators (KPIs) often include metrics such as alert
volume, false positive rate, case closure time, investigator
throughput, and cost per alert. To ensure legitimacy and
comparability, many institutions also define Key Risk
Indicators (KRIs) as threshold-based early warning signals
for example, sudden spikes in alert counts, deviation in
alert-to-case conversion ratios, or changes in customer risk
distributions (ljiga, et al, 2024). Performance dashboards
must coalesce real-time detection metrics with
downstream case management efficiency to close the loop
between detection and outcome. For sustainable
measurement, the framework should embed baseline
benchmarks (pre-deployment baselines), trend tracking,
anomaly detection (for metric volatility), and threshold
escalation logic that triggers root-cause reviews or tuning
initiatives as shown in Figure 3 (James, et al, 2023).

Post-implementation audit frameworks create
structured review paths to validate system integrity,
regulatory compliance, and continuous improvement.
Audits typically examine rule logic against documented
policy, trace alert lineage to data sources, verify model
versioning governance, and sample case investigations to
confirm validity and escalation fidelity. External or
internal audit units act as independent assurance functions
that challenge system assumptions, ensure compliance
coverage, and recommend calibration or architectural
adjustment (Gayawan, & Fagbohungbe, et al, 2023).
Dobrowolski and Sutkowski, (2019) outline a sustainable
AML model wherein external audit and performance
evaluation reinforce credibility and accountability across
financial institutions. Auditors should be granted
unfettered access to logs, version histories, compliance
documentation, and case resolution justifications. A
mature audit regime also supports continuous revisiting of
KPIs, underperformance investigation, and cross-domain
benchmarking even across institutions. Together, a robust
performance-audit combination fosters transparency,
regulatory confidence, and a disciplined path to ongoing
system tuning and enhancement (ljiga, et al, 2023).

Fig 3 An Image Showing Technology-Driven AML Compliance: Integrating Real-Time Performance Metrics and Post-
Implementation Auditing for Regulatory Assurance (Soni, 2023).

Figure 3 visually represents Anti-Money Laundering
(AML) Compliance as a technology-driven process at the
core of financial integrity and risk governance. The central
compliance icon, surrounded by interconnected digital
symbols such as documents, alerts, user profiles, and legal
scales, signifies the multidimensional nature of AML
frameworks that integrate monitoring, auditing, and
documentation. The visual underscores the importance of

a data-centric and automated compliance ecosystem where
regulatory metrics like alert volumes, false positives, and
case closure times are monitored through real-time
dashboards. These interconnected elements symbolize
how post-implementation audits, continuous monitoring,
and feedback loops reinforce regulatory assurance,
ensuring AML systems remain transparent, adaptive, and
verifiable under evolving compliance mandates.
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V. PROJECT MANAGEMENT IN

HEALTHCARE IT INTEGRATIONS

» Integration of Electronic Health Records (EHR),
Clinical Decision Support, and Interoperability
(HL7/FHIR)

Integration of Electronic Health Records (EHR),
Clinical Decision Support (CDS), and Interoperability
(notably via HL7/FHIR) forms a foundational pillar for
healthcare IT projects, as it underwrites the seamless flow
of clinical data, decision logic, and system extensibility. In
a mature integration model, the EHR serves as a
longitudinal patient record repository exposing a standard
APl layer through FHIR resources (e.g., Patient,
Observation, Condition) (Akinleye, et al, 2023). The CDS
module queries and consumes structured clinical data
(demographics, labs, vitals, medications) from the EHR,
applies guideline logic or Al/ML models, then writes back
recommendations or alerts into the same record space or
ancillary modules. Standards-based CDS interoperability
(e.g. via CDS Hooks, CQL, FHIR-based services)
decouples decision logic from EHR platforms, enabling
portability and reuse across multiple vendor ecosystems
(Thiess, et al, 2022).

To support this architecture, the healthcare IT project
must manage multiple integration challenges: mapping
proprietary EHR schemas into canonical FHIR profiles,
resolving semantic interoperability (e.g. terminology
bindings to SNOMED CT, LOINC), and handling
sensitivity of clinical data flows. Saripalle, Runyan, and
Russell, (2019) demonstrate that adopting FHIR as a
bridging standard enables a mobile personal health record
(PHR) prototype to exchange data with hospital EHRs
without tight coupling, reducing duplication and
improving patient data portability (Enyejo, et al 2024). In
practice, a CDS engine might receive a FHIR bundle of
patient observations (lab, vital signs, comorbidities), run
decision logic (e.g. risk scoring), and return a FHIR hook
response that EHR anchors to a clinical Ul as shown in
Figure 4. Project management must plan for versioning of
FHIR resources, fallback routes when EHR systems do not
support full FHIR capabilities, and robust error handling
for partial or inconsistent data. This integration layer thus
becomes an architectural nexus successful deployment is
contingent on scheme alignment, semantic consistency,
and flexible orchestration across EHR and CDS domains
(Jinadu, et al, 2023).
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Fig 4 A Block Diagram Showing Integrated EHR-CDS-FHIR Interoperability Framework
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Figure 4 titled “Integrated EHR-CDS-FHIR
Interoperability Framework” provides a structured view of
how Electronic Health Records (EHR) systems, Clinical
Decision Support (CDS) modules, and interoperability
services (HL7/FHIR) interact within a healthcare IT
ecosystem. On the left, the Data Source Layer including
the Hospital EHR, Laboratory Information System (LIS),
and Pharmacy Database acts as the foundation where
patient demographics, clinical notes, and medications are
stored. These data sources communicate bidirectionally
with the FHIR Interoperability Layer, which performs data
normalization, validation, and terminology mapping using
standards such as SNOMED CT and LOINC to ensure
semantic consistency. The CDS Module, positioned on the
right, consumes standardized data through FHIR APls and
applies guideline logic or AI/ML models to generate
clinical recommendations and alerts. These insights are
then delivered to the Clinician Dashboard/EHR User
Interface, supporting informed medical decisions in real
time. The inclusion of versioning, error handling, and
fallback mechanisms reflects resilience and adaptability,
ensuring reliable integration even when full FHIR
capabilities are not supported.

» Patient Data Privacy, Cybersecurity, and Risk
Governance Challenges

Patient data privacy, cybersecurity, and risk
governance challenges loom as central obstacles in
healthcare IT integration, requiring tight integration of
technical safeguards, policy controls, and organizational
oversight. Digital health systems house high-sensitivity
personal health information (PHI), making them prime
targets for malicious actors. Multiple vectors such as
ransomware attacks, insider misuse, unsecured API
endpoints, and weak authentication can compromise
confidentiality, integrity, or availability (Jawad, 2024).

Healthcare environments often struggle with legacy
systems and fragmented networks, which lack uniform
encryption or endpoint protection, enlarging the attack
surface. Remote access, medical 10T device integration,
and telehealth modalities further complicate secure
architecture design. A breach or unauthorized disclosure
in a healthcare setting carries not only regulatory sanctions
but also patient trust loss and clinical risk (Akindotei, et al,
2024).

Risk governance in healthcare must bridge
cybersecurity design with institutional-level oversight,
policy, and accountability mechanisms. A robust health
information governance (HIG) framework must codify
roles (data stewards, privacy officers, system architects),
policies (access control, audit trail requirements, consent
management), and risk escalation paths. Heshajin, Sedghi,
Panahi, and Takian, (2024) propose a governance
framework that encompasses dimensions like
accountability, data quality, risk management, policy
enforcement, and stakeholder engagement. In practice,
integrating risk governance involves regular security risk
assessments, threat modeling aligned to clinical
workflows, periodic penetration testing, and incident
response charters embedded in governance charters.
Strong risk governance also mandates continuous
alignment with evolving privacy regulations (e.g., HIPAA,
GDPR, local data protection laws), and mechanisms for
policy versioning, change impact analysis, and audit
feedback loops as presented in Table 4. In health IT
projects, failure to couple technology rollout with risk
governance can lead to post-deployment regulatory
remediation, inconsistent data access policies, or
fragmented trust boundaries across integrated systems
(Onyekaonwu, et al, 2019).

Table 4 Summary of Patient Data Privacy, Cybersecurity, and Risk Governance Challenges in Healthcare IT Integration.

Key Focus Area

Description

Examples / Threats

Implications for Healthcare IT
Projects

Patient Data

Protection of Personal Health

Insider misuse, data

Breaches result in regulatory

threats by ensuring data
confidentiality, integrity, and

Privacy Information (PHI) from breaches, unsecured APIs, penalties, reputational damage, and
unauthorized access, use, or weak authentication, and erosion of patient trust. Projects
disclosure through technical lack of encryption (Jawad, must prioritize encryption, access
and procedural safeguards. 2024). control, and consent management.

Cybersecurity Safeguarding clinical systems | Ransomware, phishing, 10T Increases risk of operational
Challenges from external and internal device vulnerabilities, legacy disruption and clinical safety

system exposure, and
fragmented networks

incidents. Requires continuous
monitoring, threat modeling, and

emerging threats.

availability. (Akindotei et al., 2024). endpoint protection integration.
Risk Governance Institutional mechanisms Defined roles (data stewards, Enhances transparency, ensures
Framework linking cybersecurity privacy officers), audit trails, role-based accountability, and
practices to oversight, consent management, and aligns IT security measures with
accountability, and regulatory escalation procedures institutional governance structures.
compliance. (Heshajin et al., 2024).

Regulatory Continuous adaptation of Compliance with HIPAA, Promotes sustainable compliance,
Alignment and privacy and risk management GDPR, and national data reduces regulatory remediation
Continuous policies to evolving data protection laws; regular costs, and fosters trust across
Oversight protection regulations and audits, policy versioning, and integrated healthcare systems.

change impact analysis
(Onyekaonwu, et al, 2019).
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» Managing Cross-Functional Teams of Clinicians, IT
Experts, and Administrators

In healthcare IT projects, managing cross-functional
teams composed of clinicians, IT experts, and
administrators presents a particularly intricate leadership
challenge rooted in divergent vocabularies, priorities, and
time horizons. Clinicians may prioritize patient safety,
workflow continuity, minimal disruption, and clinical
validity of decision support logic. IT experts, by contrast,
focus on system performance, maintainability, data
models, integration APIs, and security constraints (ljiga, et
al, 2024). Administrators often weigh cost, compliance
risk, adoption rates, and return-on-investment metrics.
Aligning these perspectives requires upfront role clarity,
mutual respect, and effective communication forums.
Clack, et al. (2018) highlight that collaboration across
clinical and support functions is central to quality and
safety, but achieving that collaboration depends on
flattening hierarchies, promoting psychological safety,
and embedding structured team routines (e.g., huddles,
design reviews) that include representation from all
domains. Without such scaffolding, clinicians may feel
overshadowed by IT priorities, or IT may underappreciate
clinical subtleties.

Instituting a shared mental model across the team is
essential: common goals, unified terminology (e.g. “alert,”
“override,” “exception”), and visible trade-off mapping
(e.g. performance vs latency vs data completeness) help
bridge understanding. Zajac et al. (2021) propose a team
effectiveness framework for healthcare settings that
emphasizes shared cognition, mutual performance
monitoring, adaptability, and back-up behavior as pillars.
In practice, cross-functional projects benefit from co-
design workshops where clinicians walk through use
cases, IT sketches wireframes, and administrators vet
reporting or compliance implications. Iterative prototypes,
scenario-based simulations, and “clinician-in-the-loop”
sessions reduce misalignment early. Leadership should
rotate or share facilitation among domain leads to avoid
domination by any one discipline. Transparent escalation
pathways, structured conflict-resolution protocols, and
regular retrospective sessions enable the team to surface
misalignments, reassign priorities, and reestablish trust.
With these practices in place, cross-functional healthcare
IT teams can harness domain diversity rather than being
confounded by it (Oyekan, et al, 2023).

» Evaluating Success Metrics: Quality of Care, User
Adoption, and System Resilience

Evaluating success in healthcare IT integrations
demands metrics that reflect quality of care, user adoption,
and system resilience, each of which must be
operationalized in measurable, domain-appropriate terms.
Quality of care metrics might include clinical outcomes
(e.g. readmission rates, mortality, preventive screening
adherence), process adherence (e.g. guideline compliance,
error rates, alert overrides), and safety indicators (e.g.
medication events, adverse interactions). In the context of
an EHR + CDS + interoperability deployment, success
also hinges on reductions in clinical workflow friction,

fewer duplicate tests, or improvement in decision support
adherence. For instance, measuring the proportion of CDS
alerts accepted vs overridden over time reveals whether
the system is trusted and useful. User adoption metrics
assess the degree to which clinicians, nurses, and
administrative staff engage with and incorporate the
system into their workflows (Akindotei, et al, 2024).
Adoption can be quantified through system usage logs
(e.g. login frequency, session duration, feature utilization
rates), survey-based acceptance scales (e.g. perceived
usefulness, ease of use), and retention over time. Sung, et
al, (2022) emphasize that understanding facilitators and
barriers to HIT adoption requires both quantitative logs
and qualitative perception instruments.

System resilience refers to the system’s ability to
maintain continuous, reliable operations under stress,
failure, or evolving demands. Metrics might include
uptime/availability percentage, mean time to recovery
(MTTR), failure rates (e.g. interface dropouts, API errors),
load response under high concurrency, and error rates in
interoperability exchanges. Measuring system resilience
over time, particularly during failover or version upgrade
cycles, shows whether the architecture tolerates evolution
and disturbance without compromising critical clinical
throughput (ljiga, et al, 2021). Together, these three metric
domains offer a triangulated view of success: clinical
efficacy (quality), human integration (adoption), and
technical robustness (resilience). Their balanced use
ensures that a deployment is judged not just by whether it
works in theory but whether it delivers sustained benefit in
daily care settings.

VI. COMPARATIVE ANALYSIS, LESSONS
LEARNED, AND CONCLUSION

» Cross-Domain Comparison of Governance, Scope
Control, and Stakeholder Alignment

Comparative evaluation across DLP, AML, and
healthcare IT projects reveals both convergence and
divergence in governance, scope control, and stakeholder
alignment. Governance structures in all three domains
demand strong regulatory oversight and risk management,
yet differ in focus: DLP prioritizes data sovereignty and
user accountability, AML emphasizes auditability and
regulatory adherence, while healthcare IT governance
must reconcile patient safety with interoperability
mandates. Scope control functions as a stabilizing element
against mission creep; however, healthcare IT projects
experience higher volatility due to clinical workflow
diversity, whereas DLP and AML projects are more
constrained by policy evolution and compliance rule
updates. Cross-domain analysis shows that projects with
adaptive governance integrating technical and regulatory
steering committees maintain superior scope discipline.
Stakeholder alignment emerges as the strongest
determinant of project stability. Multi-tier engagement,
where business, IT, and regulatory representatives share
decision authority, ensures alignment between strategic
imperatives and operational outcomes.
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» Critical Success Factors Across DLP, AML, and
Healthcare Projects

Success across these domains depends on four core
dimensions: governance maturity, data integrity, user trust,
and adaptability. Effective governance creates clarity in
escalation paths and risk ownership. Data integrity
whether preserving classification accuracy in DLP,
transaction traceability in AML, or clinical validity in
healthcare anchors system reliability. User trust underpins
adoption and compliance: over-restrictive DLP policies or
false AML alerts erode confidence, just as poor usability
discourages clinician participation. Adaptability defines
sustainability; regulatory regimes, threat vectors, and
interoperability standards evolve rapidly. Projects
employing modular architectures, real-time monitoring,
and iterative validation cycles outperform static
deployments. Clear documentation and post-deployment
feedback loops ensure continuous alignment of technical
performance with stakeholder expectations.

» Framework for Aligning Business Goals with
Technology Outcomes

An integrated alignment framework connects
business strategy with technical execution through four
iterative layers Strategic Governance, Operational
Alignment, Performance Mapping, and Continuous
Adaptation. Strategic governance defines measurable
business objectives such as compliance efficiency, risk
reduction, or patient outcome improvement translating
them into technical KPIs. Operational alignment ensures
each sprint, release, or configuration change traces to these
KPIs. Performance mapping ties technical metrics (e.g.,
alert precision, system uptime, clinical decision accuracy)
to organizational value creation. Continuous adaptation
embeds agile retrospectives and governance reviews that
recalibrate priorities based on regulatory or market
evolution. For example, a DLP system’s false positive rate
reduction translates into lower operational cost; AML’s
improved model explainability yields regulatory
assurance; healthcare IT’s improved response time
correlates with enhanced clinical throughput. The
framework thus institutionalizes traceability from business
intent to technology impact.

» Recommendations for Future Large-Scale IT
Deployments

Future large-scale deployments must prioritize
compliance-aware agility, data-centric governance, and
stakeholder  co-creation. Compliance-aware agility
combines regulatory traceability with agile responsiveness
empowering teams to deploy iteratively without
compromising auditability. Data-centric governance
establishes stewardship hierarchies ensuring consistent
data quality across systems and time. Stakeholder co-
creation promotes domain experts’ participation from
design to rollout, preventing post-deployment friction.
Projects should adopt hybrid management methodologies
blending predictive planning for compliance milestones
with adaptive cycles for innovation. Cloud-native
architectures, automated testing pipelines, and Al-driven
analytics will further enhance resilience and predictive
monitoring. Embedding simulation-based risk forecasting

and digital twin modeling could preempt integration
bottlenecks, particularly in regulated environments.

» Conclusion and Implications for Policy, Innovation,
and Sustainability

The cross-sector analysis of DLP, AML, and
healthcare IT integrations underscores that project
management at the technology-business nexus thrives on
structural adaptability and governance coherence.
Sustainable success requires embedding compliance,
usability, and innovation into one operational ecosystem.
Policy frameworks must evolve from prescriptive
compliance toward enabling innovation through outcome-
based accountability. Innovation emerges when systems
are designed to evolve under uncertainty leveraging
modular design and Al-enabled monitoring. Sustainability
rests on balancing human and machine intelligence:
governance processes should learn as dynamically as the
technologies they oversee. This convergence between
adaptive  policy, participatory governance, and
technological foresight defines the future of large-scale IT
project management across critical industries.

REFERENCES

[1]. Abiodun, K., Ogbuonyalu, U. O., Dzamefe, S.,
Vera, E. N., Oyinlola, A., & Igha, E. (2023).
Exploring Cross-Border Digital Assets Flows and
Central Bank Digital Currency Risks to Capital
Markets Financial Stability. International Journal
of Scientific Research and Modern Technology,
2(11), 32-45.
https://doi.org/10.38124/ijsrmt.v2i11.447

[2]. Ajayi, J. O., Omidiora, M. T., Addo, G. & Peter-
Anyebe, A. C. (2019). Prosecutability of the Crime
of Aggression: Another Declaration in A Treaty or
an Achievable Norm? International Journal of
Applied Research in Social Sciences Vol. 1(6), pp.
237-252, November, 2019.

[3]. Akindote, O., Enyejo, J. O., Awotiwon, B. O. &
Ajayi, A. A. (2024). Integrating Blockchain and
Homomorphic Encryption to Enhance Security and
Privacy in Project Management and Combat
Counterfeit Goods in Global Supply Chain
Operations. International Journal of Innovative
Science and Research Technology Volume 9, Issue
11, NOV. 2024, ISSN  No:  -2456-
2165. https://doi.org/10.38124/ijisrt/IJISRT2
4NOV149.

[4]. Akindotei, O.,Igba E., Awotiwon, B. O. &
Otakwu, A (2024). Blockchain Integration in
Critical Systems Enhancing  Transparency,
Efficiency, and Real-Time Data Security in Agile
Project Management, Decentralized Finance
(DeFi), and Cold Chain Management. International
Journal of Scientific Research and Modern
Technology (IJSRMT) Volume 3, Issue 11, 2024.
DOI: 10.38124/ijsrmt. v3i11.107.

[5]. Akinleye, K. E., Jinadu, S. O., Onwusi, C. N., &
Raphael, favour O. (2022). Utilizing Enhanced
Artificial Lift Technologies to Improve Oil
Production Rates in Aging Onshore American

35


https://doi.org/10.38124/ijsrmt.v2i11.447
https://doi.org/10.38124/ijisrt/IJISRT24NOV149
https://doi.org/10.38124/ijisrt/IJISRT24NOV149

[6].

[71.

8],

(9]

[10].

[11].

[12].

[13].

[14].

Petroleum Fields. International Journal of Scientific
Research and Modern Technology, 1(6), 1-13.
https://doi.org/10.38124/ijsrmt.v1i6.802

Akinleye, K. E., Jinadu, S. O., Onwusi, C. N.,
Omachi, A. & ljiga, O. M. (2023). Integrating Smart
Drilling Technologies with Real-Time Logging
Systems for Maximizing Horizontal Wellbore
Placement Precision International Journal of
Scientific Research in Science, Engineering and
Technology Volume 11, Issue 4  doi:
https://doi.org/10.32628/1JSRST2411429
Amebleh, J. & Okoh, O. F. (2023). Accounting for
rewards aggregators under ASC 606/IFRS 15:
Performance obligations, consideration payable to
customers, and automated liability accruals at
payments scale. Finance & Accounting Research
Journal, Fair East Publishers Volume 5, Issue 12,
528-548 DOI: 10.51594/farj. v5i12.2003

Amebleh, J. & Omachi, A. (2022). Data
Observability for High-Throughput Payments
Pipelines: SLA Design, Anomaly Budgets, and
Sequential Probability Ratio Tests for Early
Incident Detection International Journal of
Scientific Research in Science, Engineering and
Technology Volume 9, Issue 4 576-591 doi:
https://doi.org/10.32628/IJSRSET

Amebleh, J., & Igba, E. (2024). Causal Uplift for
Rewards Aggregators: Doubly-Robust
Heterogeneous Treatment-Effect Modeling with
SQL/Python Pipelines and Real-Time Inference.
International Journal of Scientific Research and
Modern Technology, 3(5), 39-55.
https://doi.org/10.38124/ijsrmt.v3i5.819

Amebleh, J., & Okoh, O. F. (2023). Explainable
Risk Controls for Digital Health Payments: SHAP-
Constrained Gradient Boosting with Policy-Based
Access, Audit Trails, and Chargeback Mitigation.
International Journal of Scientific Research and
Modern Technology, 2(4), 13-28.
https://doi.org/10.38124/ijsrmt.v2i4.746

Amebleh, J., Igha, E. & ljiga, O. M. (2021). Graph-
Based Fraud Detection in Open-Loop Gift Cards:
Heterogeneous GNNSs, Streaming Feature Stores,
and Near-Zero-Lag Anomaly Alerts International
Journal of Scientific Research in Science,
Engineering and Technology Volume 8, Issue 6 doi:
https://doi.org/10.32628/IJSRSET

Arslan, Y. (2021). Deploying data loss prevention
(DLP) systems in big environments: installation and
implementation lessons from a social security
institution. Yonetim Bilisim Sistemleri Dergisi, 7(1),
79-95.

Atalor, S. I. (2019). Federated Learning
Architectures for Predicting Adverse Drug Events
in Oncology Without Compromising Patient
Privacy ICONIC RESEARCH AND
ENGINEERING JOURNALS JUN 2019 | IRE
Journals | Volume 2 Issue 12 | ISSN: 2456-8880
Atalor, S. 1., ljiga, O. M., & Enyejo, J. O. (2023).
Harnessing Quantum Molecular Simulation for
Accelerated Cancer Drug Screening. International
Journal of Scientific Research and Modern

[15].

[16].

[17].

[18].

[19].

[20].

[21].

[22].

[23].

[24].

Technology, 2(2), 1-18.
https://doi.org/10.38124/ijsrmt.v2i1.502

Atalor, S. I., Raphael, F. O. & Enyejo, J. O. (2023).
Wearable Biosensor Integration for Remote
Chemotherapy Monitoring in Decentralized Cancer
Care Models. International Journal of Scientific
Research in Science and Technology Volume 10,
Issue 3 (www.ijsrst.com) doi:
https://doi.org/10.32628/IJSRST23113269

Barker, W., & Jones, S. (2024). The evolution of
health information technology for data exchange
and interoperability in clinical care. Journal of
Medical Internet Research, 26, 59791
https://doi.org/10.2196/59791

Clack, L., Zingg, W., Saint, S., Casillas, A,
Touveneau, S., da Liberdade Jantarada, F., ... & Sax,
H. (2018). Implementing infection prevention
practices across European hospitals: an in-depth
gualitative assessment. BMJ guality &
safety, 27(10), 771-780.
https://doi.org/10.1136/bmjqgs-2017-007675

Dias, C., Santos, M. F., & Portela, F. (2020). A
SWOT Analysis of Big Data in Healthcare.
In ICTAAWE (pp. 256-263).

Digital Project Manager, (2017). 9 of the Most
Popular Project Management Methodologies Made
Simple. Retrieved from: https://medium.com/the-
digital-project-manager/9-project-management-
methodologies-made-simple-the-complete-guide-
for-project-managers-238a6553b703.
Dobrowolski, Z., & Sutkowski, L. (2019).
Implementing a sustainable model for anti-money
laundering in the United Nations development
goals. Sustainability, 12(1), 244,
https://doi.org/10.3390/su12010244

Domnik, J., & Holland, A. (2024). On data leakage
prevention maturity: Adapting the C2M2
framework. Journal  of  Cybersecurity and
Privacy, 4(2), 167-195.
https://doi.org/10.3390/cybersec4020009

Einhorn, F., Marnewick, C., & Meredith, J. (2019).
Achieving strategic benefits from business IT
projects: The critical importance of using the
business case across the entire project
lifetime. International ~ Journal ~ of  Project
Management, 37(8), 989-1002.

Enyejo, J. O., Fajana, O. P., Jok, I. S., Ihejirika, C.
J., Awotiwon, B. O., & Olola, T. M. (2024). Digital
Twin Technology, Predictive Analytics, and
Sustainable Project Management in Global Supply
Chains for Risk Mitigation, Optimization, and
Carbon Footprint Reduction through Green
Initiatives. International Journal of Innovative
Science and Research Technology, Volume 9, Issue
11, November— 2024. ISSN No: -2456-
2165. https://doi.org/10.38124/ijisrt/IJISRT24NO
V1344

Fagbohungbe, T., Gayawan, E. & Akeboi, O. S.
(2020). Spatial prediction of childhood malnutrition
across space in Nigeria based on point-referenced
data: an SPDE approach Journal of Public Health
Policy 41(3) DOI: 10.1057/s41271-020-00246-x

36


https://doi.org/10.38124/ijsrmt.v1i6.802
https://doi.org/10.32628/IJSRST2411429
https://doi.org/10.32628/IJSRSET
https://doi.org/10.38124/ijsrmt.v3i5.819
https://doi.org/10.38124/ijsrmt.v2i4.746
https://doi.org/10.32628/IJSRSET
https://doi.org/10.38124/ijsrmt.v2i1.502
https://doi.org/10.32628/IJSRST23113269
https://medium.com/@thedigitalpm?source=post_page---byline--238a6553b703---------------------------------------
https://medium.com/the-digital-project-manager/9-project-management-methodologies-made-simple-the-complete-guide-for-project-managers-238a6553b703
https://medium.com/the-digital-project-manager/9-project-management-methodologies-made-simple-the-complete-guide-for-project-managers-238a6553b703
https://medium.com/the-digital-project-manager/9-project-management-methodologies-made-simple-the-complete-guide-for-project-managers-238a6553b703
https://medium.com/the-digital-project-manager/9-project-management-methodologies-made-simple-the-complete-guide-for-project-managers-238a6553b703
https://doi.org/10.3390/cybersec4020009
https://doi.org/10.38124/ijisrt/IJISRT24NOV1344
https://doi.org/10.38124/ijisrt/IJISRT24NOV1344

[25].

[26].

[27].

[28].

[29].

[30].

[31].

[32].

[33].

[34].

Freij, A., & Lazarus, J. (2022). Regulatory change
impact on technology and associated organizational
adaptation. Technology Analysis & Strategic
Management, 34(10), 1074-1087.
https://doi.org/10.1080/09537325.2021.1963426
Frimpong, G., Peter-Anyebe, A. C., & ljiga, O. M.
(2023). Artificial Intelligence Driven Compliance
Automation Improving Audit Readiness and Fraud
Detection within Healthcare Revenue Cycle
Management  Systems. Global Journal of
Engineering, Science & Social Science Studies.
Volume 09, Issue 09, December 2023 ISSN- 2394-
3084.

Gayawan, E. & Fagbohungbe, T. (2023).
Continuous Spatial Mapping of the Use of Modern
Family Planning Methods in Nigeria Global Social
Welfare 10(2):1-11 DOI: 10.1007/s40609-023-
00264-z

Ghaffari Heshajin, S., Sedghi, S., Panahi, S., &
Takian, A. (2024). A framework for health
information governance: a scoping review. Health
Research Policy and Systems, 22(1), 109.

Herrera Montano, ., Garcia Aranda, J. J., Ramos
Diaz, J., Molina Cardin, S., De la Torre Diez, I., &
Rodrigues, J. J. (2022). Survey of Techniques on
Data Leakage Protection and Methods to address
the Insider threat. Cluster Computing, 25(6), 4289-
4302. https://doi.org/10.1007/s11227-022-07674-w
Herrera Montano, I., Garcia Aranda, J. J., Ramos
Diaz, J., Molina Cardin, S., & de la Torre Diez, I.
(2022). A survey of techniques on data leakage
protection and methods to address the insider threat.
The Journal of Supercomputing, 78(12), 17867—
17893. https://doi.org/10.1007/s11227-022-07674-
w

Idika, C. N. (2023). Quantum Resistant
Cryptographic Protocols for Securing Autonomous
Vehicle to Vehicle (V2V) Communication
Networks International Journal of Scientific
Research in Computer Science, Engineering and
Information Technology Volume 10, Issue 1 doi:
https://doi.org/10.32628/CSEIT2391547

Idika, C. N., James, U.U, ljiga, O. M., Enyejo, L. A.
(2023). Digital Twin-Enabled Vulnerability
Assessment with Zero Trust Policy Enforcement in
Smart Manufacturing Cyber-Physical System
International Journal of Scientific Research in
Computer Science, Engineering and Information
Technology Volume 9, Issue 6  doi:
https://doi.org/10.32628/IJSRCSEIT

Idika, C. N., Salami, E. O, ljiga, O. M. & Enyejo,
L. A. (2021). Deep Learning Driven Malware
Classification for Cloud-Native Microservices in
Edge Computing Architectures International
Journal of Scientific Research in Computer Science,
Engineering and Information Technology Volume
7, Issue 4 doi : https://doi.org/10.32628/1JSRCSEIT
ljiga, A. C., Aboi, E. J., Idoko, P. I., Enyejo, L. A.,
& Odeyemi, M. 0. (2024). Collaborative
innovations in  Artificial Intelligence (Al):
Partnering with leading U.S. tech firms to combat
human trafficking. Global Journal of Engineering

[35].

[36].

[37].

[38].

[39].

[40].

[41].

and Technology Advances, 2024,18(03), 106-123.
https://gjeta.com/sites/default/files/f GJIETA-2024-
0046.pdf

ljiga, A. C., Abutu E. P., Idoko, P. I., Ezebuka, C.
I., Harry, K. D., Ukatu, I. E., & Agbo, D. O. (2024).
Technological innovations in mitigating winter
health challenges in New York City, USA.
International Journal of Science and Research
Archive, 2024, 11(01), 535—
551. https://ijsra.net/sites/default/files/IJSRA-
2024-0078.pdf

ljiga, A. C., Abutu, E. P., Idoko, P. I., Agbo, D. O.,
Harry, K. D., Ezebuka, C. I, & Umama, E. E.
(2024). Ethical considerations in implementing
generative Al for healthcare supply chain
optimization: A cross-country analysis across India,
the United Kingdom, and the United States of
America. International Journal of Biological and
Pharmaceutical Sciences Archive, 2024, 07(01),
048-

063. https://ijbpsa.com/sites/default/files/|IBPSA-
2024-0015.pdf

ljiga, A. C,, Balogun, T. K., Sariki, A. M., Klu,
E. Ahmadu, E. O.,, & Olola, T. M. (2024).
Investigating the Influence of Domestic and
International Factors on Youth Mental Health and
Suicide Prevention in Societies at Risk of
Autocratization. NOV 2024 | IRE Journals | Volume
8 Issue 5 | ISSN: 2456-8880.

ljiga, A. C., Enyejo, L. A., Odeyemi, M. O.,
Olatunde, T. I., Olajide, F. | & Daniel, D. O. (2024).
Integrating community-based partnerships for
enhanced health outcomes: A collaborative model
with healthcare providers, clinics, and pharmacies
across the USA. Open Access Research Journal of
Biology and Pharmacy, 2024, 10(02), 081-104.
https://oarjbp.com/content/integrating-community-
based-partnerships-enhanced-health-outcomes-
collaborative-model

ljiga, A. C, Olola, T. M., Enyejo, L. A., Akpa, F.
A., Olatunde, T. I, & Olajide, F. 1. (2024).
Advanced surveillance and detection systems using
deep learning to combat human trafficking. Magna
Scientia Advanced Research and Reviews, 2024,
11(01), 267-286.
https://magnascientiapub.com/journals/msarr/sites/
default/filessMSARR-2024-0091.pdf.

ljiga, O. M., Ifenatuora, G. P., & Olateju, M. (2021).
Bridging STEM and Cross-Cultural Education:
Designing Inclusive Pedagogies for Multilingual
Classrooms in Sub Saharan Africa. JUL 2021 | IRE
Journals | Volume 5 Issue 1 | ISSN: 2456-8880.
ljiga, O. M., Ifenatuora, G. P., & Olateju, M. (2021).
Digital Storytelling as a Tool for Enhancing STEM
Engagement: A Multimedia Approach to Science
Communication in K-12 Education. International
Journal of Multidisciplinary Research and Growth
Evaluation. Volume 2; Issue 5; September-October
2021; Page No. 495-
505. https://doi.org/10.54660/.1JMRGE.2021.2.5.4
95-505

37


https://doi.org/10.1080/09537325.2021.1963426
https://doi.org/10.32628/CSEIT2391547
https://doi.org/10.32628/IJSRCSEIT
https://doi.org/10.32628/IJSRCSEIT
https://gjeta.com/sites/default/files/GJETA-2024-0046.pdf
https://gjeta.com/sites/default/files/GJETA-2024-0046.pdf
https://gjeta.com/sites/default/files/GJETA-2024-0046.pdf
https://ijsra.net/sites/default/files/IJSRA-2024-0078.pdf
https://ijsra.net/sites/default/files/IJSRA-2024-0078.pdf
https://ijbpsa.com/sites/default/files/IJBPSA-2024-0015.pdf
https://ijbpsa.com/sites/default/files/IJBPSA-2024-0015.pdf
https://oarjbp.com/content/integrating-community-based-partnerships-enhanced-health-outcomes-collaborative-model
https://oarjbp.com/content/integrating-community-based-partnerships-enhanced-health-outcomes-collaborative-model
https://oarjbp.com/content/integrating-community-based-partnerships-enhanced-health-outcomes-collaborative-model
https://magnascientiapub.com/journals/msarr/sites/default/files/MSARR-2024-0091.pdf
https://magnascientiapub.com/journals/msarr/sites/default/files/MSARR-2024-0091.pdf
https://doi.org/10.54660/.IJMRGE.2021.2.5.495-505
https://doi.org/10.54660/.IJMRGE.2021.2.5.495-505

[42].

[43].

[44].

[45].

[46].

[47].

[48].

[49].

[50].

[51].

ljiga, O. M., Ifenatuora, G. P., & Olateju, M. (2023).
STEM-Driven Public Health Literacy: Using Data
Visualization and Analytics to Improve Disease
Awareness in Secondary Schools. International
Journal of Scientific Research in Science and
Technology. Volume 10, Issue 4 July-August-2023
Page Number: 773-793.
https://doi.org/10.32628/IJSRST

Imoh, P. O. (2023). Impact of Gut Microbiota
Modulation on Autism Related Behavioral
Outcomes via Metabolomic and Microbiome-
Targeted Therapies International Journal of
Scientific Research and Modern Technology
(IJSRMT) Volume 2, Issue 8, 2023 DOI:
https://doi.org/10.38124/ijsrmt.v2i8.494

Imoh, P. O., & ldoko, I. P. (2023). Evaluating the
Efficacy of Digital Therapeutics and Virtual Reality
Interventions in  Autism Spectrum Disorder
Treatment. International Journal of Scientific
Research and Modern Technology, 2(8), 1-16.
https://doi.org/10.38124/ijsrmt.v2i8.462

James, U. U. (2022). Machine Learning-Driven
Anomaly Detection for Supply Chain Integrity in
5G Industrial Automation Systems International
Journal of Scientific Research in Science,
Engineering and Technology Volume 9, Issue 2 doi
. https://doi.org/10.32628/IJSRSET

James, U. U., Idika, C. N., & Enyejo, L. A. (2023).
Zero Trust Architecture Leveraging Al-Driven
Behavior Analytics for Industrial Control Systems
in Energy Distribution Networks, International
Journal of Scientific Research in Computer Science,
Engineering and Information Technology Volume
9, Issue 4 doi:
https://doi.org/10.32628/CSEIT23564522

Jawad, L. A. (2024). Security and Privacy in Digital
Healthcare Systems. Asian Journal of Technology
& Innovation, 9(2), 123-136.
https://doi.org/10.1177/09702385241233073
Jinadu, S. O., Akinleye, E. A., Onwusi, C. N.,
Raphael, F. O., ljiga, O. M. & Enyejo, L. A. (2023).
Engineering atmospheric CO2 utilization strategies
for revitalizing mature american oil fields and
creating economic resilience Engineering Science
& Technology Journal Fair East Publishers
Volume 4, Issue 6, P.No. 741-760 DOI:
10.51594/estj. v4i6.1989

Koi-Akrofi, G. Y., Koi-Akrofi, J., & Matey, H. A.
(2019). Understanding the characteristics, benefits
and challenges of agile IT project management: A
literature-based perspective. International Journal
of Project Management, 37(5), 589-606.
https://doi.org/10.1016/j.ijproman.2018.08.
Loureiro, E., Gomes, B., Varajdo, J., & Silva, C.
(2024). Information systems project success
surveys-Insights from the last 30
years. Heliyon, 10(23).

Manuel, H. N. N., Adeoye, T. O., Idoko, I. P., Akpa,
F. A, ljiga, O. M., & Igbede, M. A. (2024).
Optimizing passive solar design in Texas green
buildings by integrating sustainable architectural
features for maximum energy efficiency. *Magna

[52].

[53].

[54].

[55].

[56].

[57].

[58].

[59].

[60].

[61].

Scientia Advanced Research and Reviews*, 11(01),
235-261.
https://doi.org/10.30574/msarr.2024.11.1.0089
Maruping, L. M., Venkatesh, V., Thong, J. Y., &
Zhang, X. (2019). A risk mitigation framework for
information technology projects: A cultural
contingency perspective. Journal of management
information systems, 36(1), 120-
157.https://doi.org/10.1109/TEM.2018.285747
McLeod, L., Doolin, B., & MacDonell, S. G.
(2021). A perspective-based understanding of
project success. Information Systems Journal,
31(6), 738-765. https://doi.org/10.1111/isj.12344
Ogbeide, H., Thomson, M. E., Gonul, M. S,
Pollock, A. C., Bhowmick, S., & Bello, A. U.
(2023). The anti-money laundering risk assessment:
A probabilistic approach. Journal of Business
Research, 162, 113820.

Oliveira, R. R., Fernandes, G., & Pardini, D. J.
(2023). Stakeholder engagement as a determinant of
the governance in projects. Procedia Computer
Science, 219, 1564-
1573.https://doi.org/10.1016/j.procs.2023.01.448
Ononiwu, M., Azonuche, T. I, & Enyejo, J. O.
(2023). Exploring Influencer Marketing Among
Women Entrepreneurs using Encrypted CRM
Analytics and Adaptive Progressive Web App
Development. International Journal of Scientific
Research and Modern Technology, 2(6), 1-13.
https://doi.org/10.38124/ijsrmt.v2i6.562

Ononiwu, M., Azonuche, T. I, Imoh, P. O. &
Enyejo, J. O. (2023). Exploring SAFe Framework
Adoption for Autism-Centered Remote Engineering
with  Secure CI/CD and Containerized
Microservices Deployment International Journal of
Scientific Research in Science and Technology
Volume 10, Issue 6 doi:
https://doi.org/10.32628/IJSRST

Ononiwu, M., Azonuche, T. I, Okoh, O. F., &
Enyejo, J. O. (2023). Al-Driven Predictive
Analytics for Customer Retention in E-Commerce
Platforms using Real-Time Behavioral Tracking.
International Journal of Scientific Research and
Modern Technology, 2(8), 17-31.
https://doi.org/10.38124/ijsrmt.v2i8.561

Ononiwu, M., Azonuche, T. I, Okoh, O. F. &
Enyejo, J. O. (2023). Machine Learning Approaches
for Fraud Detection and Risk Assessment in Mobile
Banking Applications and Fintech Solutions
International Journal of Scientific Research in
Science, Engineering and Technology Volume 10,
Issue 4 doi: https://doi.org/10.32628/IJSRSET
Onyekaonwu, C. B., Peter-Anyebe, A. C., Raphael,
F. O. (2019). From Prescription to Prediction:
Leveraging AI/ML to Improve Medication
Adherence and Adverse Drug Event Detection in
Community Pharmacies. International Journal of
Scientific Research in Science and Technology,
November-December-2019, 6 (5): 460-476.
https://doi.org/10.32628/IJSRST

Oyekan, M., Jinadu, S. O. & Enyejo, J. O. (2023).
Harnessing Data Analytics to Maximize Renewable

38


https://doi.org/10.32628/IJSRST
https://doi.org/10.38124/ijsrmt.v2i8.494
https://doi.org/10.38124/ijsrmt.v2i8.462
https://doi.org/10.32628/IJSRSET
https://doi.org/10.32628/CSEIT23564522
https://doi.org/10.1109/TEM.2018.285747
https://doi.org/10.38124/ijsrmt.v2i6.562
https://doi.org/10.32628/IJSRST
https://doi.org/10.38124/ijsrmt.v2i8.561
https://doi.org/10.32628/IJSRSET
https://doi.org/10.32628/IJSRST

[62].

[63].

[64].

[65].

[66].

[67].

[68].

[69].

[70].

[71].

[72].

[73].

Energy Asset Performance. International Journal of
Scientific Research and Modern Technology, 2(8),
64-80. https://doi.org/10.38124/ijsrmt.v2i8.850
Oyekan, M., Jinadu, S. O. & Enyejo, J. O. (2023).
Harnessing Data Analytics to Maximize Renewable
Energy Asset Performance. International Journal of
Scientific Research and Modern Technology, 2(8),
64-80. https://doi.org/10.38124/ijsrmt.v2i8.850
Oztas, B., Cetinkaya, D., Adedoyin, F., Budka, M.,
Aksu, G., & Dogan, H. (2024). Transaction
monitoring in anti-money laundering: A qualitative
analysis and points of view from industry. Future
Generation Computer Systems, 159, 161-171.
Pérez, F. M., Martinez, J. V. B., & Fonseca, I. L.
(2021). Strategic IT alignment projects. Towards
good governance. Computer  Standards &
Interfaces, 76, 103514.

Reiff, J., & Schlegel, D. (2022). Hybrid project
management — a systematic literature review.
International Journal of Information Systems and
Project Management, 10(2), 45-63.
https://doi.org/10.12821/ijispm100203

Sanyaolu, T. O., Adeleke, A. G., Efunniyi, C. P.,
Akwawa, L. A., & Azubuko, C. F. (2023).
Stakeholder management in IT development
projects: Balancing expectations and deliverables.
International  Journal of Management &
Entrepreneurship Research, 5(12), 1239-1255.
Saripalle, R., Runyan, C., & Russell, M. (2019).
Using HL7 FHIR to achieve interoperability in
patient health record. Journal of biomedical
informatics, 94, 103188.

Scheepers, H., McLoughlin, S., & Wijesinghe, R.
(2022). Aligning stakeholder’s perceptions of
project performance: The contribution of Business
Realisation Management. International Journal of
Project Management, 40(5), 471-480.

Simonaitis, A., Dauksys, M., & Mockiené, J.
(2023). A comparison of the project management
methodologies PRINCE2 and PMBOK in managing
repetitive construction projects. Buildings, 13(7),
1796.

Soni, I. (Feb. 17, 2023). AML Compliance & It’s
Importance. Retrieved from:
https://www.kyc2020.com/blog/aml-compliance-
its-importance-2

Sung, M., He, J., Zhou, Q., Chen, Y., Ji, J. S., Chen,
H., & Li, Z. (2022). Using an integrated framework
to investigate the facilitators and barriers of health
information  technology  implementation  in
noncommunicable disease management: systematic
review. Journal of medical Internet research, 24(7),
e37338.

Thiess, H., Del Fiol, G., Malone, D. C., Cornia, R.,
Sibilla, M., Rhodes, B., ... & Reese, T. (2022).
Coordinated use of Health Level 7 standards to
support clinical decision support: Case study with
shared  decision making and  drug-drug
interactions. International journal of medical
informatics, 162, 104749.

Varajdo, J., Lourengo, J. C., & Gomes, J. (2022).
Models and methods for information systems

[74].

[75].

[76].

project success evaluation—A review and directions
for research. Heliyon, 8(12).

Xavier, M. G. (2019). Data processing with cross-
application interference control via system-level
instrumentation.

Zajac, S., Woods, A., Tannenbaum, S. R., Holladay,
C.L., & Salas, E. (2021). Overcoming challenges to
teamwork in healthcare: A team effectiveness
framework and evidence-based guidance. Frontiers
in Communication, 6, 606445.
https://doi.org/10.3389/fcomm.2021.606445
Zavoli, 1., & King, C. (2021). The challenges of
implementing anti-money laundering regulation: an
empirical analysis. The Modern Law Review, 84(4),
740-771.

39


https://doi.org/10.38124/ijsrmt.v2i8.850
https://doi.org/10.38124/ijsrmt.v2i8.850
https://www.kyc2020.com/blog/author/ishaan/

