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Abstract 
Average-sized companies face many challenges in making quick, good decisions. They need to understand customer behavior, 

manage their products, set the right prices, and compete with larger companies. This paper presents a simple outline that 

combines human thinking with artificial intelligence to help these retailers make better decisions in real time. The structure 

uses both machine intelligence and human judgment to improve selection. We explain how this system works, what benefits 

it provides, and what challenges retailers face when using it. Our findings show that when human skilled workers come 

together with AI systems, medium-scale retailers can make faster and better business decisions. The combined method allows 

average retailers to achieve 20 to 30 percent improvements in decision-making speed and accuracy across stock control, price 

management, shift plan, and tailored services. By using online technologies and software delivered online, the structure can 

be launched in an affordable and easy way. The system respects the value of human judgment and relevant knowledge while 

boosting these skills with AI-powered pattern analysis and predicting outcome. 
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I. INTRODUCTION 
 

The retail industry is changing very fast. Today's 

customers expect quick service and good prices. Average 

retail firms, those with several stores but not as large as 

companies like Walmart or Amazon, struggle to keep up 

with these demands. These retailers face several problems. 

They must analyze large amounts of customer data, track 

their present stock, respond quickly to market changes, 

and compete with both big stores and small local stores 

(7Learnings, 2024). Old decision tools, which rely mainly 

on human experience, are no longer enough. The goal of 

this structure is practical and achievable. It helps retail 

managers make instant decisions about stock, pricing, 

customer service, and operations without requiring a big 

funding or a team of data scientists. This paper will explain 

what this structure looks like, how it works, and why it 

matters for the future of the average retailer. 

 

The solution is to combine the best of both methods, 

that is human thinking and machine intelligence. Average 

retail firms need help making good decisions quickly. 

They face specific challenges like limited funds. Unlike 

large retailers, they cannot afford expensive software or 

large teams of data scientists (PYMNTS, 2024). 

 

Customers expect quick reply, and fresh stock 

information (Vaayu, 2024). Retail choices involve many 

factors such as customer choices, competitor moves, stock 

levels, and market trends. Average retailers often have 

experienced managers whose knowledge is valuable but 

hard to combine with technology (Production Engineering, 

2024). 

 

Current decision support systems are either fully 

computerized or fully manual which is too slow. What 

average retailers need is a balanced method that uses both 

AI and human intelligence effectively. 

 

II. LITERATURE REVIEW 

 
 Automation in Retail 

AI is becoming very important in retail and has 

helped retailers in several ways: 

 

 Understanding customers: AI can analyze customer 

data to understand what people want to buy, when they 

want to buy it, and how much they are willing to pay 

(Retainr, 2024). 

 Managing stock: AI systems can guess which products 

will sell well and help retailers stock the right amount 

of items. 
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 Fixing prices: AI can adjust prices based on demand, 

competition, and other factors (7Learnings, 2024). 

 Specific marketing: AI can create customized 

advertisements and suggestions for each customer 

(McKinsey, 2024).  

 

Study shows that 22 percent of AI systems can also 

make mistakes, show preference and struggle with 

unexpected surprises (Aziro, 2024). 

 
 Mental Computing 

Mental computing means creating computer systems 

that think more like humans (Aziro, 2024). These systems 

can: 

 

 Understand natural language (how people normally 

speak) 

 Learn from experience 

 Reason about complex problems 

 Adapt to new situations 

 

Unlike old computers that follow strict rules, mental 

systems can handle doubt and make judgments similar to 

human thinking (Frontiers, 2017). This makes them better 

at dealing with serious life issues. 

 

One important idea in cognitive computing is the 

ACT-R cognitive architecture, which create how human 

memory and reasoning work (ArXiv, 2025). This helps 

create AI systems that think more like people do. 

 

 Combined Intelligence Systems:  

This method joins human intelligence with machine 

intelligence. The main point is that humans and AI have 

different power. Research shows that combining human 

AI teams can perform better than either humans alone or 

AI alone (Nature Reviews Psychology, 2025). When 

humans and AI work together properly, they complement 

each other's weaknesses. 

 

Several researchers have studied combining 

intelligence systems. Gonzalez and Heidari (2025) 

developed a structure for combining human decision-

making with AI in changing environments. Their research 

shows that cognitive AI systems that model human 

thinking processes work especially well with human 

partners. 

 

 Challenges in Implementation 
Study shows AI in retail faces some challenges. 

 

 Data quality: AI needs good, accurate data to work 

well. Poor data leads to poor decisions (Calsoft, 2025). 

 Connecting systems: Connecting new AI systems with 

existing retail technology is difficult and expensive. 

(ThinkSys, 2025). 

 Skill shortage: Many retailers lack employees who 

understand retail technology. 
 

 

 

 

III. USEFUL IDEAS 

 

 For Implementation 
 

 Build Trust Gradually: Start with safe decisions where 

AI can demonstrate its value. 

 Maintain Human Control: Always keep humans in 

charge of final decisions, especially for important 

choices that affect customers or employees (Production 

Engineering, 2024). 

 Monitor and Adjust: check often system performance. 

Are AI recommendations accurate? Are managers 

finding the system helpful?  So, try and adjust the 

feedback you get. 

 Create an avenue for feedback: Make it easy for 

employees to report problems, suggest improvements, 

and share their opinion. 

 Partner with Experience: Consider working with 

technology experts who specialize in retail AI 

operations. Their experience can help avoid common 

mistakes. Intellias, 2025. 

 

IV. RECOMENDATIONS 

 
 Conduct a Readiness Assessment 

Before applying a mixed mental AI structure, 

average retailers should rate their present state. This 

assessment should examine data foundation, employee 

ability, environment, and financial capacity (Intellias, 

2025). Understanding your starting point helps create a 

realistic application plan. 

 

 Develop a Phased Implementation Roadmap 
Rather than attempting a full application at once, 

create a clear plan with certain stages. Start with powerful, 

safe applications where AI can demonstrate shortcuts 

(7Learnings, 2024). For example, begin with stock 

prediction for quick products before expanding to setting 

rates. 

 

 Secure Executive Agreement and Leadership 
Commitment 

Success requires strong support from top 

management. Leaders must understand both the potential 

advantage and the required cost (CompTIA, 2024). They 

should lead the push, share necessary resources, and lead 

a cultural shift. 

 

 Choose Adaptable Technology Solutions 

Select technology that can grow with your business. 

Avoid complex systems that require much modification or 

systems that lack adjustment for future needs (ThinkSys, 

2025). Online solutions often provide better growth 

capacity for average retailers. 

 

V. CONCLUSION 
 

This paper presented a combined mental AI for 

present decision support in average retail firms. The 

structure combines the speed and seeing the bigger picture 

of AI with the judgment and relevant understanding of 

human experts. However, carrying out the structure also 
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presents challenges. Technical issues include data 

combination, system fit, and data processing requirements. 

Company issues include stubborn staff, knowledge gaps, 

and expenses. Operational challenges involve privacy 

protection, stability, and continuous maintenance. 

 

Research regularly shows that combining human 

intelligence with AI produces better results than using 

either one alone. With the right structure, average retailers 

can gain skills formerly available only to large companies, 

while maintaining their ability (Vaayu, 2024). 

 

The retail industry is changing quickly, and average 

retailers need new tools to compete well. A combined AI 

structure offers a practical way to make better decisions 

faster, without sacrificing human opinion and skills. 

 

The key to success is finding the right balance 

between AI ability and human control. When carried out 

thoughtfully, with attention to both technical and human 

aspects, these systems can help average retailers succeed 

in a steady competitive. 

 

The future of retail belongs to organizations that can 

successfully combine the best of human intelligence with 

the best of artificial intelligence. Average retailers who 

accept this combination method will be positioned to 

succeed in the years ahead. 
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